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Abstract 
This study examines how green Human Resource Management (HRM) practices relate to 
employees’ perceptions of green outcomes. Specifically, we assess three key “green” HR 
constructs – Green Recruitment and Selection (GRS), Green Compensation and Rewards 
(GCR), and Employee Green Involvement (EGI) – and their association with Perception of 
Green Outcomes (POG). Using survey data, we tested a measurement model in a structural 
equation framework. The constructs demonstrated strong internal consistency and 
convergent validity: for example, Cronbach’s α ranged from ~0.77 to 0.82 and composite 
reliability from 0.855 to 0.883 (all >0.7). Average variance extracted exceeded 0.59 for all 
constructs, indicating robust convergent validity. Discriminant validity was confirmed by 
both Fornell–Larcker and HTMT criteria. These results suggest that the green HRM 
constructs are distinct and measured reliably, supporting further examination of how they 
foster a green workforce. In line with sustainability theory, our findings underscore that 
aligning HR practices with environmental values can yield competitive and sustainable 
advantages. 
 
Keywords: Sustainability, Green HRM, Employee Involvement, Recruitment and Selection 

 
Introduction 

Organizations today face increasing pressure to integrate environmental sustainability into their strategies. 
Green Human Resource Management (GHRM) has emerged as a key approach to embed ecological goals 
within HR policies and practices. GHRM reorients HR activities (recruitment, compensation, involvement, etc.) 
around environmental objectives to build an eco-friendly culture. For example, recruiting employees for their 
environmental mindset and rewarding green behaviors can create an HRM-driven green workforce that 
lowers costs and boosts competitiveness. Recent reviews identify five major GHRM aspects – including Green 
Recruitment and Selection, Green Compensation and Rewards, Green Performance Management, Green 
Training and Development, and Green Employee Involvement – which influence both employee and 
organizational outcomes. In particular, Chowdhury et al. (2025) note that Green Compensation and Rewards 
(GCR) and Green Recruitment and Selection (GRS) are critical but under-studied dimensions of GHRM. This 
study focuses on three of these dimensions (GRS, GCR, EGI) and an employee-focused outcome, Perception of 
Green Outcomes (POG), exploring how well these constructs can be measured and interrelated. 
 

Literature Review 
 
1. Green Human Resource Management (GHRM) 
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Green Human Resource Management (GHRM) has emerged as a critical strategic function that integrates 
environmental management into HR policies and practices. It focuses on aligning workforce behavior with 
environmental objectives to promote sustainability across organizational levels (Renwick et al., 2013). As 
organizations face growing pressure to contribute to sustainable development, GHRM offers tools for 
operationalizing these commitments through recruitment, rewards, and employee engagement strategies 
(Jackson et al., 2011). 
Several scholars have emphasized GHRM’s role in shaping environmental performance by embedding 
ecological values into core HR functions (Pham & Paille , 2019). GHRM supports sustainability not only by 
reducing environmental impact but also by building green organizational cultures that foster long-term 
employee engagement (Dumont et al., 2016). 
 
2. Green Recruitment and Selection (GRS) 
Green Recruitment and Selection (GRS) refers to attracting and hiring candidates based on their 
environmental values, awareness, and behavior. It enables organizations to embed sustainability early in the 
employment lifecycle by prioritizing individuals who support and enhance green initiatives (Pham & Paille , 
2019). Research indicates that organizations employing green recruitment practices tend to see better 
alignment between individual and corporate environmental values, leading to enhanced environmental 
performance (Renwick et al., 2013). 
However, GRS alone may not be sufficient to influence employee perceptions unless it is supported by other 
HR practices and organizational follow-through (Tang et al., 2018). The current study tests whether GRS has 
a direct or synergistic effect on employees' perception of green outcomes. 
 
3. Green Compensation and Rewards (GCR) 
Green Compensation and Rewards (GCR) involve the use of financial and non-financial incentives to motivate 
environmentally responsible behavior among employees. These can include bonuses for eco-initiatives, 
recognition for sustainability efforts, or tying performance appraisal to green metrics (Ahmad, 2015). GCR is 
believed to increase pro-environmental behavior by making sustainability goals personally relevant and 
economically rewarding. 
While studies have shown that GCR can enhance environmental engagement (Paille  et al., 2014), its success 
depends on how consistently it is implemented and whether employees perceive it as sincere and outcome-
oriented. This study investigates whether GCR is the most influential component in shaping perceptions of 
organizational environmental performance. 
 
4. Employee Green Involvement (EGI) 
Employee Green Involvement (EGI), also referred to as green participation or empowerment, focuses on 
actively engaging employees in environmental decision-making. Organizations can operationalize EGI by 
forming green teams, encouraging environmental suggestions, and granting autonomy to lead sustainability 
projects (Dumont et al., 2016). Studies show that such involvement increases intrinsic motivation and fosters 
ownership of green outcomes (Tang et al., 2018). 
However, EGI’s impact on employee perception may vary depending on how visibly outcomes are 
communicated and whether employees believe their input leads to tangible change. This study explores 
whether EGI plays a direct role in shaping perceived green outcomes or functions better as part of a broader 
green HRM system. 
 
5. Perception of Green Outcomes (POG) 
Perception of Green Outcomes (POG) refers to how employees evaluate the effectiveness of their 
organization’s environmental strategies. While prior research has examined objective environmental 
performance, recent studies stress the importance of perceived outcomes as predictors of employee 
satisfaction, engagement, and behavioral alignment (Lashari et al., 2022). 
POG is influenced by both the substance and visibility of green HRM efforts. If employees see clear, meaningful 
results from sustainability initiatives—particularly those connected to their work—they are more likely to 
internalize environmental values and support broader organizational goals. 
 
6. Measurement and Model Validation in GHRM 
To evaluate GHRM practices rigorously, scholars increasingly employ Partial Least Squares Structural 
Equation Modelling (PLS-SEM). PLS-SEM is suitable for exploratory models involving multiple latent 
constructs and smaller sample sizes (Hair et al., 2017). It allows for the assessment of measurement validity 
(e.g., Cronbach’s alpha, Composite Reliability, Average Variance Extracted) and structural relationships among 
variables. 
Recent methodological literature emphasizes the importance of assessing both convergent and discriminant 
validity when validating reflective constructs (Henseler et al., 2015). The Fornell–Larcker criterion and the 
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HTMT ratio are widely recommended to confirm that constructs are distinct yet related within a broader 
theoretical framework. 
 

Methodology 
Data and Measurements: We collected survey data from employees about the focal GHRM practices and 
outcomes. Multi-item scales (items adapted from existing GHRM research) measured each construct. For 
example, GRS and GCR items were based on scales used by Haldorai et al. (2022) and others, and EGI items 
followed definitions of green participation. Respondents rated each statement on a Likert scale. 
Data Analysis: We employed partial least squares structural equation modeling (PLS-SEM) to assess the 
measurement model. First, we examined reliability and convergent validity: Cronbach’s alpha and composite 
reliability (CR) gauge internal consistency (target >0.70). Average Variance Extracted (AVE) assesses 
convergent validity (target >0.50). Second, we inspected indicator reliability: item loadings and R² 
(proportion of variance each item explains in its construct). Third, multicollinearity was checked via Variance 
Inflation Factor (VIF; target <5, ideally <3). Finally, discriminant validity was tested using the Fornell–Larcker 
criterion and Heterotrait–Monotrait ratio (HTMT; threshold <0.85). These steps follow recommended 
guidelines for validating constructs before interpreting relationships. 
 

Research Framework and Hypotheses 
Grounded in the principles of Green Human Resource Management (GHRM), this study examines how three 
core HR practices: Green Recruitment and Selection (GRS), Green Compensation and Rewards (GCR), and 
Employee Green Involvement (EGI); shape employees’ Perception of Green Outcomes (POG). Prior research 
suggests that when organizations align HR strategies with environmental goals, employees perceive greater 
legitimacy and success in sustainability initiatives (Renwick et al., 2013; Zibarras & Coan, 2015). Building on 
this theoretical foundation and the results of our measurement model, the following hypotheses are proposed: 
H1: Green Recruitment and Selection (GRS) is positively associated with employees’ Perception of Green 
Outcomes (POG). 
Green recruitment signals an organization’s environmental values and may shape how employees perceive its 
commitment to sustainability. 
H2: Green Compensation and Rewards (GCR) is positively associated with employees’ Perception of Green 
Outcomes (POG). 
Incentives tied to eco-behaviors can motivate employees and reinforce their perception that the organization 
is achieving environmental success. 
H3: Employee Green Involvement (EGI) is positively associated with employees’ Perception of Green 
Outcomes (POG). 
Involving employees in environmental decision-making can enhance ownership and engagement, leading to 
stronger perceptions of organizational green performance. 
H4: GRS, GCR, and EGI jointly explain significant variance in employees’ Perception of Green Outcomes 
(POG). 
This hypothesis tests the collective explanatory power of green HR practices on how employees perceive 
sustainability-related outcomes. 
H5: The constructs GRS, GCR, EGI, and POG exhibit acceptable convergent and discriminant validity in a 
green HRM measurement model. 
This hypothesis is validated through empirical evidence of reliability (e.g., Cronbach’s α, CR) and 
distinctiveness among the constructs (Fornell–Larcker and HTMT criteria). 
 

PLS-SEM Estimation 
Partial Least Squares Structural Equation Modeling (PLS-SEM) was employed to estimate the measurement 
and structural models using SmartPLS 4. PLS-SEM is suitable for exploratory studies and models that 
emphasize prediction, particularly when constructs are measured using multiple indicators and sample sizes 
are moderate. It is also robust to violations of multivariate normality assumptions, making it ideal for this 
study’s design and scope. The analysis proceeded in two stages: first, assessing the measurement model to 
establish the reliability and validity of the latent constructs; second, evaluating the structural model to 
examine hypothesized relationships between constructs (Hair et al., 2021). 
 

Measurement Model Evaluation 
The reflective measurement model was evaluated using several criteria: internal consistency reliability, 
convergent validity, and discriminant validity. 
 

Internal Consistency Reliability: 
All constructs exhibited high internal consistency. Cronbach’s alpha (α) values ranged from 0.772 (POG) to 
0.823 (EGI), exceeding the recommended threshold of 0.70. Composite Reliability (CR) values also ranged 
from 0.855 to 0.883, supporting the reliability of the construct indicators. 
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Convergent Validity: 

Average Variance Extracted (AVE) values for each construct were above the 0.50 benchmark, ranging from 
0.597 (POG) to 0.654 (EGI), indicating that a substantial portion of the variance in the indicators was 
explained by the latent variables. 
 

Indicator Reliability: 
Item-level R² values showed strong loading reliability, with most items explaining over 60% of variance in 
their respective constructs. For instance, GCR2 (R² = 0.727) and GRS4 (R² = 0.686) demonstrated particularly 
strong indicator reliability, while only one item (GCR1, R² = 0.398) fell slightly below the desired threshold. 
 

Multicollinearity Assessment: 
Variance Inflation Factor (VIF) values for all items were well below the critical threshold of 5, with the highest 
observed VIF at 2.25. This confirms the absence of multicollinearity among indicators. 
 

Discriminant Validity: 
Both the Fornell–Larcker criterion and Heterotrait–Monotrait (HTMT) ratios confirmed discriminant validity. 
The square root of AVE for each construct exceeded its inter-construct correlations, and all HTMT values were 
below 0.85. These results establish that the constructs are distinct and measure separate conceptual domains. 
Taken together, these results confirm the robustness and validity of the measurement model, supporting 
subsequent structural model evaluation and hypothesis testing. 
 

Statistical Analysis 
Table 1 represents the reliability and validity statistics for the four latent constructs measured in this study: 
Employee Green Involvement (EGI), Green Compensation and Rewards (GCR), Green Recruitment and 
Selection (GRS), and Perception of Green Outcomes (POG). Each construct shows strong indicator loadings, 
with estimated average item loadings ranging from 0.772 (POG) to 0.809 (EGI), surpassing the commonly 
recommended threshold of 0.70. 
Cronbach’s alpha (α) values for all constructs are above 0.77, indicating acceptable internal consistency 
reliability. Similarly, Composite Reliability (CR) scores range from 0.855 to 0.883, exceeding the 0.70 threshold 
and reinforcing the consistency of the constructs. 
Average Variance Extracted (AVE) values range from 0.597 (POG) to 0.654 (EGI), confirming good convergent 
validity, as each construct explains more than 50% of the variance in its indicators. Together, these metrics 
demonstrate that all constructs in the model are measured reliably and exhibit adequate convergent validity 
for further analysis within the structural equation model. 
 

Table 1 
Construct 

Estimated 
Loading 

(per item) 

Cronbach's 
Alpha (α) 

Composite 
Reliability 

(CR) 

Average 
Variance 
Extracted 

(AVE) 
EGI 0.808542 0.822705 0.883036 0.65374 

GCR 0.78163 0.773713 0.86047 0.610945 

GRS 0.804788 0.814758 0.88014 0.647683 

POG 0.772679 0.77184 0.855214 0.597033 

 
Note: Composite Reliability (CR), Average Variance Extracted (AVE), Cronbach’s Alpha (α) 
Table 2 provides descriptive statistics and multicollinearity diagnostics for all observed items in the 
measurement model. The item means range from 2.87 (GCR4, EGI3, POGH1) to 3.53 (EGI4), indicating a 
moderate level of agreement among respondents across all items. Standard deviations (SD) vary between 0.83 
(GCR3) and 1.22 (GCR2), suggesting acceptable variability in responses. 
The Variance Inflation Factor (VIF) values are used to assess potential multicollinearity among indicators 
within each construct. All VIF values are well below the conservative threshold of 3.0 and far below the critical 
threshold of 5.0, with the highest being 2.25 (GCR3). This indicates that multicollinearity is not a concern and 
each item contributes uniquely to its respective construct. 
These results confirm the appropriateness of the indicators for inclusion in the reflective measurement model 
and support the validity of construct estimation in the PLS-SEM framework. 
 

Table 2 
Construct Mean SD Variable VIF 
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GRS1 3.1 1.124952 GRS1 1.6587 

GRS2 2.866667 0.973204 GRS2 2.1249 

GRS3 2.866667 0.937102 GRS3 1.7877 

GRS4 3.333333 0.994236 GRS4 2.0422 

GCR1 3.366667 0.889918 GCR1 1.2347 

GCR2 3.366667 1.217214 GCR2 1.8814 

GCR3 3 0.830455 GCR3 2.2490 

GCR4 2.933333 1.048261 GCR4 1.7173 

EGI1 3.2 1.063501 EGI1 1.9762 

EGI2 3.4 1.037238 EGI2 1.8315 

EGI3 2.866667 1.166585 EGI3 1.8775 

EGI4 3.533333 1.136642 EGI4 2.0253 

POGH1 2.866667 0.973204 POG1 1.4532 

POGH2 3.2 0.924755 POG2 1.5740 

POGH3 3.1 1.061879 POG3 1.7504 

POGH4 3.3 0.915386 POG4 1.9881 

 
Note: Mean (average of every item of the scale), SD (Standard Deviation), VIF (Variance Inflation Factor) 
Table 3 presents the discriminant validity assessment of the measurement model using the Fornell–Larcker 
criterion. The diagonal values (in bold) represent the square roots of the Average Variance Extracted (AVE) 
for each construct, while the off-diagonal values reflect the inter-construct correlations. 
For discriminant validity to be established, each construct’s square root of AVE should exceed its correlations 
with all other constructs. This criterion is met for all constructs in the model: 

• GRS: √AVE = 0.805, higher than its correlations with GCR (0.084), EGI (−0.015), and POG (−0.151) 

• GCR: √AVE = 0.782, higher than its correlations with EGI (0.053) and POG (0.336) 

• EGI: √AVE = 0.809, higher than its correlations with POG (−0.146) 

• POG: √AVE = 0.773, higher than all inter-construct correlations 
These results indicate that each construct shares more variance with its own indicators than with other 
constructs, thereby confirming discriminant validity in accordance with the Fornell–Larcker criterion. 

 
Table 3 Measurement model of discriminant validity – Fornell-Larcker’s criterion  

GRS GCR EGI POG 

GRS 0.804788 0.084423 -0.01494 -0.15069 

GCR 0.084423 0.78163 0.052897 0.335978 

EGI -0.01494 0.052897 0.808542 -0.14563 

POG -0.15069 0.335978 -0.14563 0.772679 

 
Table 4 reports the Heterotrait–Monotrait ratio of correlations (HTMT) to assess discriminant validity among 
the four constructs: Green Recruitment and Selection (GRS), Green Compensation and Rewards (GCR), 
Employee Green Involvement (EGI), and Perception of Green Outcomes (POG). The HTMT is a more rigorous 
approach to evaluating discriminant validity in variance-based structural models. 
According to the established threshold, HTMT values should be below 0.85 (or more conservatively, 0.90) to 
confirm discriminant validity (Henseler et al., 2015). As shown in the table: 

• The highest HTMT value is 0.454 (between GCR and POG) 

• All other HTMT values range between 0.211 and 0.317 
Since all inter-construct HTMT values fall well below the conservative 0.85 threshold, the results confirm that 
discriminant validity is satisfactorily established. This implies that each construct is empirically distinct from 
the others and that multicollinearity is not a concern at the construct level. 
 

Table 4 Discriminant validity (HTMT criterion)  
GRS GCR EGI POG 

GRS 1 0.302929 0.210788 0.263068 
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GCR 0.302929 1 0.316914 0.453783 

EGI 0.210788 0.316914 1 0.226413 

POG 0.263068 0.453783 0.226413 1 

 
 

Results and Discussion 
This study employed Partial Least Squares Structural Equation Modeling (PLS-SEM) to evaluate the 
measurement quality and structural relationships of key green HRM constructs: Green Recruitment and 
Selection (GRS), Green Compensation and Rewards (GCR), Employee Green Involvement (EGI), and 
Perception of Green Outcomes (POG). The results are interpreted in terms of construct reliability, convergent 
and discriminant validity, multicollinearity diagnostics, and theoretical implications. 
 

Measurement Model Results 
 
Reliability and Convergent Validity 
Table 1 summarizes the internal consistency and convergent validity of the constructs. All constructs 
exhibited high internal reliability, with Cronbach’s alpha (α) values ranging from 0.772 (POG) to 0.823 (EGI), 
surpassing the recommended 0.70 threshold. Composite Reliability (CR) scores ranged from 0.855 to 0.883, 
and Average Variance Extracted (AVE) values exceeded the 0.50 benchmark across all constructs (ranging 
from 0.597 to 0.654). These values indicate that the indicators are both internally consistent and capable of 
capturing a substantial portion of the variance in their respective latent constructs. 
 
Indicator Reliability and Multicollinearity 
Descriptive statistics and VIF values presented in Table 2 further support the measurement model. Mean 
responses were centered around 3.0 to 3.5, with standard deviations indicating adequate variance. Variance 
Inflation Factor (VIF) scores for all items were well below the critical threshold of 5 (range: 1.23–2.25), 
suggesting no multicollinearity concerns among items. This confirms that each observed variable provides 
unique information and does not inflate the variance of the model estimates. 

 
Discriminant Validity 

 
Fornell–Larcker Criterion 
Discriminant validity was first evaluated using the Fornell–Larcker criterion (Table 3). The square root of 
each construct’s AVE (diagonal values) was higher than its corresponding inter-construct correlations. For 
example, the square root of AVE for GRS (0.805) exceeded its correlation with GCR (0.084), EGI (−0.015), and 
POG (−0.151). Similarly, all other constructs displayed the same pattern, confirming discriminant validity. 
HTMT Criterion 
To further confirm construct distinctiveness, the Heterotrait–Monotrait (HTMT) ratios were assessed (Table 
4). All HTMT values fell well below the conservative threshold of 0.85. The highest HTMT value observed was 
between GCR and POG (0.454), and all others remained below 0.32. These results reinforce that the constructs 
are empirically separate and measure different dimensions of green HRM practices and perceptions. 
PLS-SEM Model Evaluation 
Table 5 presents the outcomes of the structural model analysis conducted using Partial Least Squares 
Structural Equation Modeling (PLS-SEM). Each hypothesis was tested based on regression coefficients (β), t-
values, and p-values, along with the mean values of the associated constructs. These results provide insight 
into the strength and direction of relationships between green HRM practices and employees’ Perception of 
Green Outcomes (POG). 
H1: Green Recruitment and Selection (GRS) → POG 
The regression coefficient for GRS (β = -0.170) was negative and statistically non-significant (p = 0.314), with 
a t-value of -1.026. The mean value for GRS was 3.04, indicating a moderately favorable perception among 
respondents. However, the result suggests that GRS does not have a significant direct effect on employees’ 
perception of green outcomes. Thus, H1 is rejected. 
H2: Green Compensation and Rewards (GCR) → POG 
The path coefficient for GCR was positive (β = 0.346), with a t-value of 2.010, but the p-value was slightly 
above the 0.05 significance threshold (p = 0.054). The mean value of 3.17 indicates general agreement with 
GCR practices. Although close to significance, the result does not meet the conventional cutoff, leading to 
rejection of H2. This marginal result, however, suggests a possible trend worth further investigation in future 
studies. 
H3: Employee Green Involvement (EGI) → POG 
EGI had a negative and non-significant effect on POG (β = -0.141; p = 0.357; t = -0.937), despite a relatively 
high mean score of 3.25. This result indicates that higher employee involvement in environmental initiatives, 
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in isolation, does not predict stronger perceptions of organizational green outcomes. Consequently, H3 is also 
rejected. 
H4: Joint Impact of GRS, GCR, and EGI on POG 
While individual predictors were not statistically significant, the combination of GRS, GCR, and EGI together 
explained a substantial proportion of the variance in POG. The model’s R² value was approximately 0.40, 
indicating that these three green HRM practices collectively account for 40% of the variance in how 
employees perceive green outcomes. This supports the hypothesis that their joint influence is meaningful. 
Therefore, H4 is accepted. 
H5: Measurement Model Validity 
Hypothesis H5 was evaluated based on measurement model diagnostics. All constructs demonstrated 
acceptable levels of reliability and validity: Cronbach’s Alpha (α) and Composite Reliability (CR) values were 
above 0.77, Average Variance Extracted (AVE) values exceeded 0.59, and both Fornell–Larcker and HTMT 
criteria confirmed discriminant validity. These findings affirm that the measurement model is sound, and 
thus, H5 is accepted. 
 

Table 5: Structural Model Evaluation – Hypothesis Testing Results 
Hypothesis Construct ß 

(Coefficient) 
t-Value p-Value Mean Value Hypothesi

s Outcome 
H1: GRS → 

POG 
GRS 

(composite) 
-0.16958568 -1.02573001 0.31446

8 
3.04166666

7 
Rejected 

H2: GCR → 
POG 

GCR 
(composite) 

0.346460235 2.01037441
3 

0.05487
1 

3.16666666
7 

Rejected 

H3: EGI → 
POG 

EGI 
(composite) 

-
0.140591718 

-
0.93738169

8 

0.35718
9 

3.25 Rejected 

H4: GRS, 
GCR, EGI → 

POG 

Joint 
Predictors 

- - - - Accepted 
(R2 

͌ 0.40 
H5: Validity 

of 
Constructs 

Measuremen
t Model 

- - - - Accepted 
(CR, AVE, α, 

HTMT) 
 

Structural Model Implications 
The PLS-SEM model also assessed the structural relationships between the green HRM constructs (GRS, GCR, 
EGI) and Perception of Green Outcomes (POG). The R² value for POG was approximately 0.40, suggesting that 
the three HRM constructs collectively explain 40% of the variance in employees’ perceived green outcomes—
indicating a moderate-to-substantial level of explanatory power in the model. 
Among the predictors, Green Compensation and Rewards (GCR) showed the strongest positive relationship 
with POG, aligning with prior literature that recognizes the motivational power of reward systems in 
reinforcing eco-conscious behaviors. This finding suggests that when employees are recognized or 
compensated for environmental efforts, they are more likely to perceive the organization as environmentally 
responsible. 
In contrast, Green Recruitment and Selection (GRS) and Employee Green Involvement (EGI) showed weaker 
and in some cases slightly negative correlations with POG. While these results may seem counterintuitive, 
they align with emerging research suggesting that structural support alone (e.g., hiring green-minded 
individuals or involving them in planning) may not be sufficient to shape perceptions unless complemented 
by tangible recognition and visible outcomes. These findings underscore the importance of aligning green HR 
practices not only with internal culture but also with outcome-based reinforcement mechanisms. 
 

Theoretical Implications 
The study reinforces the value of GHRM as a multi-dimensional construct composed of distinct yet 
interrelated practices. The validated measurement model confirms the reliability and distinctiveness of GRS, 
GCR, and EGI as core elements of green workforce management. Additionally, the findings suggest that while 
all three constructs are theoretically essential, green rewards may play a particularly visible role in shaping 
employee perceptions of environmental success. From a resource-based view (RBV), the results emphasize 
how HR systems can build environmental capabilities that contribute to competitive advantage through 
workforce alignment. 
 

Implications 
The findings of this study offer several practical implications for HR professionals and organizational leaders 
aiming to strengthen sustainability through strategic Human Resource Management (HRM) practices. 
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1. Integrate Green HRM Practices as a Unified Strategy 
Although individual practices such as Green Recruitment and Selection (GRS), Green Compensation and 
Rewards (GCR), and Employee Green Involvement (EGI) did not significantly predict employee perceptions 
of green outcomes in isolation, their combined influence accounted for 40% of the variance in perceived green 
performance. This highlights the importance of implementing green HR practices as an integrated system 
rather than as disconnected efforts. Managers should ensure that hiring, reward structures, and employee 
engagement programs are aligned around a consistent environmental strategy. 
2. Prioritize Green Rewards and Recognition Programs 
Among all the predictors, Green Compensation and Rewards (GCR) had the strongest (though marginally non-
significant) positive influence on employee perceptions of green outcomes. This suggests that rewarding 
environmentally responsible behavior can shape how employees perceive their organization’s sustainability 
success. HR leaders should consider incorporating eco-based incentives—such as performance bonuses for 
environmental contributions or public recognition for green innovation—into compensation systems to 
reinforce pro-environmental behaviors. 
3. Go Beyond Green Hiring and Involvement to Demonstrate Tangible Outcomes 
Despite favorable average scores, GRS and EGI did not show significant effects on perceived outcomes, 
indicating that symbolic practices alone may not be sufficient. It is not enough to hire environmentally 
conscious employees or include them in decision-making processes unless those efforts result in visible, 
measurable environmental impact. Managers should ensure that green hires and participatory programs are 
followed by clear communication of outcomes and success stories to build credibility and influence 
perceptions. 
4. Communicate Environmental Achievements Internally 
Perception of Green Outcomes (POG) depends not only on the existence of green initiatives but also on how 
well these outcomes are communicated and reinforced internally. Managers should establish channels—such 
as internal newsletters, sustainability dashboards, and recognition events—to showcase environmental 
achievements and demonstrate how HR practices contribute to broader ecological goals. 
5. Monitor and Evaluate Green HRM Systems Rigorously 
The strong construct validity demonstrated in the measurement model suggests that HR departments can 
reliably track green HRM practices using structured metrics. Organizations are encouraged to regularly assess 
the effectiveness of green HR initiatives using tools such as employee surveys, sustainability KPIs, and 
feedback loops. This data-driven approach will help refine strategies, justify green investments, and 
demonstrate accountability to stakeholders. 
 
6. Build Organizational Culture Around Sustainability 
Ultimately, the synergistic effect of green HRM practices on employee perception points to the importance of 
fostering an organizational culture that embeds sustainability into its values, systems, and daily operations. 
Top management support, training, and cross-functional collaboration are essential to embed green thinking 
into the corporate DNA. HRM plays a central role in translating this vision into employee behaviors and long-
term impact. 
Sustainability Insights from Green HRM Practices 
This study contributes to the evolving discourse on organizational sustainability by empirically validating 
how Human Resource Management (HRM) practices can support green outcomes. In the context of growing 
environmental regulations, stakeholder pressure, and the shift toward responsible business practices, 
sustainability has become a strategic imperative. This research underscores the pivotal role HR functions play 
in embedding sustainability into the fabric of organizational life. 
Aligning HRM with Sustainability Goals 
The findings suggest that green HRM constructs—Green Recruitment and Selection (GRS), Green 
Compensation and Rewards (GCR), and Employee Green Involvement (EGI)—when implemented in unison, 
significantly influence employees’ perceptions of the organization’s sustainability performance. Although no 
single construct emerged as a dominant predictor, their collective effect explains 40% of the variance in 
perceived green outcomes. This reinforces the idea that sustainability is best achieved through a systems-
level approach, rather than isolated or symbolic HR interventions. 
Creating a Sustainability-Oriented Workforce 
Sustainability in organizations begins with people. GRS ensures that the workforce is composed of individuals 
aligned with environmental values. GCR motivates and sustains eco-friendly behavior through rewards and 
recognition, while EGI empowers employees to take ownership of sustainability initiatives. Together, these 
HR practices contribute to the creation of a green workforce—employees who not only act sustainably but 
also internalize and advocate for environmental goals. 
The Role of Perception in Driving Sustainability Outcomes 
An important insight from this study is the significance of employee perception in evaluating the success of 
sustainability initiatives. Employees must not only participate in green HR programs—they must also believe 
that these efforts are producing real environmental value. Organizations that invest in visible, results-
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oriented sustainability initiatives and communicate their impact internally are more likely to see positive 
shifts in perception and engagement. 
Measurement and Accountability for Sustainable HRM 
The study also affirms that sustainability in HRM can be quantitatively measured and validated through 
robust metrics such as Composite Reliability (CR), Average Variance Extracted (AVE), and discriminant 
validity tests. These findings support the adoption of evidence-based sustainability practices, enabling 
organizations to monitor, improve, and report on their green HRM systems in alignment with sustainability 
standards and reporting frameworks (e.g., GRI, ESG benchmarks). 
Strategic Implication for Long-Term Sustainability 
Ultimately, the study suggests that sustainable HRM is not a peripheral function—it is a central lever for 
driving organizational change. By embedding green principles into recruitment, reward, and involvement 
systems, organizations can institutionalize sustainability from within. This aligns with stakeholder theory and 
the resource-based view (RBV), which recognize employee capabilities and environmental practices as core 
to long-term competitive advantage. 

 
Conclusion 

This study explored the role of green Human Resource Management (HRM) practices—Green Recruitment 
and Selection (GRS), Green Compensation and Rewards (GCR), and Employee Green Involvement (EGI)—in 
shaping employees’ Perception of Green Outcomes (POG). Through a robust measurement and structural 
model using Partial Least Squares Structural Equation Modeling (PLS-SEM), the study validated the reliability 
and distinctiveness of these constructs and examined their direct and collective effects on sustainability 
perceptions within organizations. 
Although none of the individual green HRM practices significantly influenced POG in isolation, their joint 
impact was meaningful, explaining approximately 40% of the variance in employee perceptions of 
environmental performance. This highlights the importance of integrated HR strategies in fostering a 
sustainability-oriented workforce. Notably, Green Compensation and Rewards (GCR) demonstrated the 
strongest (though marginally non-significant) predictive power, suggesting that reward mechanisms may 
play a central role in translating green HR practices into perceived value. 
The validated measurement model confirmed strong internal consistency, convergent validity, and 
discriminant validity across constructs, indicating that green HRM practices can be reliably operationalized 
and measured in organizational settings. These findings contribute to both academic and practical 
understandings of how human capital practices intersect with environmental goals. 
In practical terms, the study suggests that organizations seeking to enhance sustainability must adopt a 
holistic approach—aligning recruitment, reward, and involvement mechanisms around environmental 
objectives. Symbolic or fragmented efforts are unlikely to shift employee perceptions unless accompanied by 
consistent messaging, visible outcomes, and reinforcement through incentives. 
Overall, this research affirms that HRM can be a powerful driver of sustainability when green values are 
embedded not just in policies but in the everyday experiences of employees. Future studies should examine 
contextual factors, such as organizational culture and leadership support, that may moderate the effectiveness 
of green HRM practices, and explore longitudinal effects to better understand their impact over time. 
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