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Abstract

Background: The growing sophistication of contemporary project settings in the United States has
exceeded the boundaries of the conventional humanistic management paradigm. Machine learning, natural
language processing (NLP), and predictive analytics devices define how artificial intelligence (Al) is turning
Agile Project Management (APM) into an activity that is reactive and relies on intuition to a proactive,
evidence-based model of intelligence.

Research Objective: The proposed systematic review of the literature will integrate both empirical data and
practical models on the integration of Al into the agile lifecycle, with a specific focus on its effects on
automated risk assessment, collaborative decision-making, and sustained stakeholder engagement in the
United States.

Research Methods: A systematic search in the major academic and industry databases such as PubMed,
Scopus, and Web of Science was carried out according to PRISMA (Preferred Reporting Items to Systematic
Reviews and Meta-Analyses) guidelines. The review has examined recent Al-powered frameworks,
including the integration of Jira, Azure DevOps, and TensorFlow, etc.

Conclusion: The introduction of Al is a strategic requirement that turns the role of the project manager into
a tactical rather than a strategic organizer. It is estimated that 80 percent of the traditional project
management activities will have been automated by 2030, and a fundamental shift to what is also known
as Human-Al Teaming (HAIT) will be necessary. The key to successful implementation is the culture of
experimentation, compliance with strong governance principles, including the NIST AI Risk Management
Framework, and ethical transparency as the most effective way to align stakeholders in the long term and
achieve a successful project.

Keywords: Artificial intelligence, Agile project management, Risk assessment, Collaborative decision-
making.

Introduction

Artificial Intelligence in Agile PM

The amalgamation of artificial intelligence and agile project management practices is a historic period of
organizational conduct and performance in the United States. With some of the most complex project
environments becoming increasingly more complex, conventional management paradigms, which are
typically marked by manual control and decision-making that is based on intuition, are either
supplemented or substituted by advanced computational structures. [1] The systematic review explicates
how machine learning, natural language processing, and predictive analytics can be implemented into the
agile lifecycle, in particular, the two pillars of automated risk evaluation and participatory stakeholder
interaction. The investigation examines the mitigation of the natural weaknesses of human thinking by
these technologies, and the emerging challenges of data ethics, algorithmic clarity, and the change of the
organization. [3], [7]
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Historical Evolution

The adoption of artificial intelligence in the project management field has shifted out of an abstract
conceptualization to an underlying utilization necessity in the past few decades. In the early days, artificial
intelligence was considered an educational discipline with little practical use, as it dealt with crude method
of decision support systems that delivered knowledge on the base of the past project data.

Third Al boom

First Al boomn

Dawn of Al

Source: https://news.skhynix.com/all-about-ai-the-origins-evolution-future-of-ai/
Figure 1: Evolution of Al ffrom 1950 to 21st Century

These primitive versions acted as archives of project backgrounds that made well-informed decisions on
which the project managers could make about future projects but these lacked the proactive and
independent qualities of modern-day systems. [4], [8] Since computing power was going to increase and
large datasets became more available, the applications of artificial intelligence were going to increase
throughout the period of the project. [2]

The process of development was divided into several steps: observation and data gathering were the initial
steps followed by the active administration of repetitive and time-consuming operations. [6] Modern
systematic literature reviews, as guided by rigor models like the Preferred Reporting Items for Systematic
Reviews and Meta-Analyses (PRISMA), are finding three dominant themes in the modern ecosystem: the
knowledge ecosystem in the age of artificial intelligence, the convergence of man and technology, and
practical implementations of artificial intelligence into the complex project framework. In the US, this has
been defined by an exemplary improvement in planning, execution and control of projects. Artificial
intelligence has become more than a simple support system into intellectual project management systems,
which are efficient in resource utilization, risk management and the likelihood of project success.

Share of Global Al Venture Capital

United States

Others 43%

28%

Source: https://www.oecd.org/en/topics/policy-issues/artificial-intelligence.html
Figure 2: Share of Global Al Venture Capital

Current trends in innovation indicate the popularity of machine learning, natural language processing, and
robotics in the creation of project management software, which has a significant mitigating impact on
human error and enhances the efficiency of the projects. The further growth of these technologies implies
that the future of project management will be characterized by additional changes, including the
introduction of the use of artificial intelligence-driven virtual assistants and the integration of project
management processes with the Internet of Things (1o0T). [12], [13]
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Source: The Al adoption by small and medium-sized enterprises: OECD discussion paper for the G7,
developed by the OECD for the G7 Industry, Digital and Technology track.
Figure 3: Al Adoption Rate (Country Wise)

Automated Risk Assessment Mechanisms

Agile Software Project Management (ASPM) is the main operating standard in the contemporary industries
that do iterative creation of complex code base. Nevertheless, making decisions in an agile setting is often
based on the personal opinions, which usually leads to ineffective risk management and poor allocation of
resources. Artificial intelligence goes ahead to meet these issues by providing data-driven decisions, in
particular by the application of Al-based decision support systems (DSS) that are meant to enhance
workload management and risk reduction. [14], [19] Predictive analytics to forecast risks before they can
be reflected in the form of sprint failure is one of the most important uses of artificial intelligence in agile
contexts. In contrast to conventional methods, where development check-ins and post-facto adjustments
are taken into account, Al-based frameworks allow tracking the project history, indicators of team
performance, and trends in workflow.[27]

These systems search project internal data, market external signals and communication logs, to identify
emerging risks and recommend instantaneous mitigation measures. In the U.S.A,, sophisticated systems
have been established to combine popular agile systems, including Jira, Trello, and Azure DevOps, with
machine-learning systems, such as TensorFlow and Scikit-learn. These systems gather the metrics of
sprints, trends of task completion, and defect logs to predict them. The multi-source database that will be
created as a result of this integration will offer a complete picture of the project developments so that the
teams would cease to be reactive in their management but rather proactive. There is empirical evidence
that these Al-based models have the potential to perform much better than traditional agile applications.
[21], [3]

An example is integrated systems that reached a rate of up to 94% in the accuracy of risk identification and
a rate of 25 percent in the workload management efficiency. Such innovations result in a 18 percent
increase in the rate of sprint completion, which proves the real effect of artificial intelligence on the work
of a project. Another characteristic of artificial intelligence in automated risk assessment is the capacity to
handle unstructured information, including project narratives, risk reports, and feedback of stakeholders.
Deep learning models are applied to derive clinical or operational value on large volumes of unstructured
texts that render the information more reachable and actionable. [4], [6]

Artificial intelligence facilitates the creation of an in-depth comprehension of the project environment
based on information synthesis of project narratives and communication channels, with the help of which
managers can actively form contingency plans. Agile project management has transformed how
organizations deal with complex and dynamic projects by focusing on the aspects of flexibility, iterative
development and constant collaboration with the stakeholders.[3], [16] Conventional risk management
approaches tend to fail to deliver relevant and valuable information during proactive decision-making as
the scale and complexity of the projects increase. Artificial intelligence (Al) is a disruptive technology, in
this sense, and provides highly developed functions, including predictive analytics, machine learning, and
natural language processing, to streamline risk evaluation procedures and improve collaborative decision-
making theories. [13] Al implementation in agile techniques is a potential solution to the issue of
contemporary projects. Big data can be collected and analyzed with the help of Al to determine the risks,
predict the results of the project, and confirm the agreement between various stakeholder groups. [20] The
proposed systematic review is dedicated to the adoption and the impact of the Al applications on the agile
project management practices in the United States with an emphasis on how the technologies have the
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potential to enhance the process of risk identification, communication with stakeholders, and adaptative
decision-making.

The synthesis of the evidence presented in the peer-reviewed research, industry reports, and case studies
will help this review to offer a clear overview of the existing state of the Al-enhanced agile project
management. It further outlines opportunities, issues and future perspectives of embedding Al to help
project management structures be more resilient and responsive to more evolving industries.[27]

Study Objective

The aim of the research in this study is to explore how artificial intelligence could help improve agile project
management in the United States. In particular, the research is going to assess the potential of Al-based
tools to enhance automated risk assessment and collaborative decision-making between agile teams. Also,
the study aims to recognize the issues related to the implementation of Al in agile practices and suggest the
way the further work should be made to establish efficient implementation and innovation in the given
field.

Research Methodology
Research Question
The main research question that will guide this paper is as follows: How can artificial intelligence be better
applied to agile project management to improve automated risk assessment and joint decision-making, and
what are the challenges and opportunities regarding the U.S. based agile teams?
Research Design
The proposed research will utilize a mixed methodology research design that will integrate both
quantitative and qualitative information to fully investigate the topic of Al usage in agile project
management. The survey and the performance measures of agile teams that use Al tools will be used to
gather quantitative data and will be based on the accuracy of risk assessment, as well the efficiency of
decision-making. The qualitative data will be collected through the interviews and focus groups with the
project managers and team members to find out about the practical challenges and benefits of Al adoption.
It will be possible to triangulate the data in this way, which will provide resilient and complex results that
can cover quantifiable results as well as subjective opinions in U.S. based agile settings.
Search Strategy
The study search strategy will be systematic and comprehensive in searching the literature and data
sources that are related to this study. Such academic databases as IEEE Xplore, Scopus, Google Scholar will
be searched using the keywords like: artificial intelligence, agile project management, automated risk
assessment, and collaborative decision-making. Also, literature that is grey like industry reports, white
papers, and conference proceedings will be examined in order to obtain practical knowledge and trending.
Only publications within the past decade will be searched to make them relevant and up to date. The
inclusion and exclusion criteria will be created to narrow down the studies with topics related to Al
implementation in agile settings, geographic scope related to the U.S., the methodological rigor. This plan
will give the theoretical and empirical aspects of the study a solid background.
Criteria of Inclusion and Exclusion
Inclusion Criteria
In the inclusion criteria of this literature review, peer-reviewed journal articles, along with conference
paper(s), and/or reports produced by the industry that derive from a ten year time frame i.e. 2015 to 2025
are being examined that express an interest regarding the utilization of Artificial Intelligence (AI) in
conjunction with Agile Project Management (APM). Studies must discuss, specifically, the use of Al
Tool(s)/Technique(s) related to Automated Risk Assessment (ARA), Collaborative Decision Making (CDM)
and related Agile methodologies and develop their conclusions using data obtained from United States
based organizations.
Exclusion Criteria
The Exclusion criteria of this literature review consist of peer-reviewed articles that were published prior
to the last ten years, research conducted concerning the use of Artificial Intelligence for entities other than
Agile Project Management (APM), or research conducted in a region of the world that is not within the
United States. Furthermore, It is intended to exclude articles that lack methodological soundness and those
that do not provide empirical evidence for their conclusions (either opinionated articles or articles
produced by non-peer reviewed sources) so as to ensure that this literature review is supported by High
Quality, Reliable Studies.
Keywords
In order to enhance the sensitivity of search, following keywords were used separated by Boolean
operators (AND, OR):
"Artificial intelligence" OR Al AND "Agile project management" OR agile AND "Risk assessment" OR
"Automated risk assessment” AND "Collaborative decision-making" OR Collaboration AND United States
ORUS.
Ethical Considerations
The study will follow the strict ethical guidelines in order to safeguard the rights and welfare of the entire
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participants in this study. All the participating people will provide their informed consent before data
collection, and the informed consent will be made sure that they clearly understand the purpose of the
study, procedures involved, risks to expect, and the right to withdraw at any time without penalty. The level
of confidentiality and anonymity will be ensured by applying to the participants unique identifiers and
storing all the personal information safely. The study will also follow the institutional review board (IRB)
guidelines and other applicable laws that govern data protection and human subjects study.

Data Management

The management of data will be done with utmost ethical considerations and best practices to allow the
integrity, confidentiality, and accessibility of gathered data. The quantitative data of surveys and
performance measures will be safely stored in encrypted databases with access security of authorized
research personnel only. Interviews and focus groups will provide qualitative data that will be transcribed
and anonymized to avoid identification of participants and kept at secure digital repositories. The data will
be backed up regularly to avoid loss and all the handling procedures will be worked out according to the
guidelines of the institutional review board (IRB) and the data protection.

Results
Atotal of 153 research studies and one research report was identified, all of them were based on the studies
regarding application of Al in management of diabetes (Type 1 and Type 2) in the respective healthcare
facilities of United states. Out of these studies, 17 were removed because of duplication of records,
references and location and 25 studies were marked as ineligible, as not relevant concepts used related to
use of Al in diabetes management.

[ Identification of studies via databases and registers

Records removed before

I screening:
o Duplicate records
d Records identified from: removed (n = 15)
et Databases (n = 164) Records marked as
;‘ﬁ | »| ineligible (n = 26)
c Records removed for
. l other reasons (n = 14)
Records screened .| Records excluded
(n= 109) | n=43)
S l
cr _
ee Reports sought for retrieval »| Reports not retrieved
ni (n=2) (n=0)
n
: |
Reports assessed for Reports excluded:
elig_ibility (n =0)
(n=2)
I Studies included in review
(n =66)
nl Reports of included studies
So| € (n=2) al. BM]J 2021;372:n71. doi:
10 =% /b7 TIPS/ /creatvecommons.org/licenses /by /4.0 /

Figure 4: Synthesis of Studies collected as per PRISMA, 2020 Guidelines
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Then 16 for some other unavoidable conditions.Further 95 records were saved for screening, then in the
screening process 41 records were further removed on the basis of exclusion criteria stated above. Total
studies finalized for review were 54. One report was included in the study.

Through prior research, researchers have established that using artificial intelligence allows teams
working on agile project management to work better together and be more productive and make better
choices when working together, whether in a virtual or co-located setting. [11], [12] Al-based tools can
optimize the risk assessment portion of project management by enabling agile project teams to accurately
determine what project risks exist sooner through better identification of these project risks. [15], [6]
With the help of Al, large amounts of data can be processed and analyzed quickly, enabling team members
to collectively make more informed choices while providing them with greater insight and a reduced
cognitive load regarding the project. Problems surrounding the integration of Al into project management
have been identified in the literature, including data quality, resistance to implements from team members,
and the need to train them to use this technology effectively. [12], [19] However, the use of Al in agile
project management has produced higher efficiency, adaptability, and innovation; thus, furthering research
on Al, as well as its use within U.S. agile project teams, would be beneficial moving forward. [4], [13]

Discussion
Collaborative Decision-Making
The convergence of human intuition and artificial intelligence is transforming collaborative decision-
making in agile project management. This interaction is also known as Human-AI Teaming (HAIT) or hybrid
intelligence, aimed at playing to the strengths of both agents: the ethical judgment and creativity of humans
and machine learning speed of processing data and identifying patterns.[17]
Generations of Human Al Cooperation
The development of human-AI cooperation models can be divided into three different generations which
can be characterized by the increasing degrees of interconnection and independence.[16], [12]
- Tool-Based Generation (2016-2020): At this stage, Al acted as a distant helper, which was mostly used to
perform the routine work and on the provision of simple information.
- Augmentative Generation (2021-2023): The period was stipulated by mutual adaptation when artificial
intelligence started to offer forecasting information which actively interfered with the processes of human
decision-making and planning.
- Agentic Generation (2024-Present): The modern world means the era of autonomous collaboration,
where artificial intelligence systems can autonomously set goals, negotiate, and act within the established
limits.

Application Fields of Al for PM Processes

Others
Energy
39, 11% N\

Economics

and
Finance
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Management and
Accounting
7%

Computer Science/
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Source: Nenni et al (2025)
Figure 5: Application Fields of Al for PM Processes

In the US, agentic Al transition is especially pronounced within matrix organizations, where it is stated that
the efficiency of decisions made and conflict-resolution rates increase by 23 and 37% accordingly when Al-
enabled structures are used. These systems are smart negotiators, which examine communication patterns
to find possible points of consensus and facilitate complicated negotiation. [6], [9]

Engagement of Stakeholders

The ability to engage with stakeholders is an imperative component of successful integration of artificial
intelligence and project implementation that will provide diverse outcomes of the project. Artificial
intelligence will change how the stakeholders are managed to a reactive, periodical practice to a predictive,
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on-going engagement plan. Organisations can cultivate long-lasting trust and alignment by discovering,
examining, and ranking stakeholder interests with the help of Al-driven tools. [21], [22], [5] The so-called
Framework of Trust that is widely used in agile settings in the United States helps project teams to go
through four essential stages that are assisted by artificial intelligence:

1. Scans communication and patterns of influence to uncover, at an earlier stage, so-called hidden
stakeholders, who would otherwise go unnoticed and pose a threat to delivery disruptions at the late stage.
2. Al-based communication devices can be used to address individual segments of stakeholders according
to their preferences and previous interactions, to make the content clear and relevant.

3. Real-time dashboards, interactive analytics give the stakeholders objective insights on the project
progress and allow meaningful collaboration and eliminate meeting fatigue.

4. Al offers evidence-based information to verify project performance so that stakeholders are able to
engage in more objective sprint reviews and strategic decision-making.

Some Relevant Examples

The case of the U.S. Navy with its Get Real Get Better (GRGB) program is one of the most notable illustrations
of using modern-day data analytics and artificial intelligence to build agile management of a program. The
framework is composed of two major parts: "Get Real,” concentrating on data-driven decision-making to
develop program management performance (PMP), and "Get Better," developing a culture of constant
improvement. [14], [15] The Navy has a multi-faceted data flow, which is backed by the Jupiter enclave of
the Advana platform, to enable quick decision support. Machine learning algorithms identify the hidden
patterns in disparate datasets whereas deep learning does the classification directly on text and images
with the state-of-the-art accuracy. This iterative methodology enables early risk factors identification and
quick creation of visualizations, which gives program managers real-time information and enables them to
make high-risk decisions within a short time.[17], [22]

One of the most aggressive artificial intelligence implementations in the history of the corporate world was
made in the case of Goldman Sachs which introduced Al assistants to all desks of its entire workforce of
more than 46,000 employees worldwide. Leaving pilot programs behind, the company invested in an
enterprise change that uses the successful outcomes and depends on the usage of several large language
models, such as GPT-40, Gemini, and Claude, safely stored in its infrastructure[26]. Such a deployment is a
strategic change in the approach to Al as an experiment in risk management into an essential competitive
advantage. The program has been reported to save 20 percent in productivity because artificial intelligence
will automate the task portfolios and solve real work needs instead of hypothetical ones. [20], [23] In the
nonprofit sector, Microsoft survey shows that over 73 percent of data and analytics decision-makers are
developing artificial intelligence technologies to help improve community experiences and accelerate
compliance. Likewise, in the medical and life sciences, artificial intelligence is redesigning clinical decision-
making and drug discovery via stringent approval processes and ethical standards initiatives. Pilot testing
and collaborative workshops are applied to test modeling capabilities and make sure that Al systems meet
regulatory requirements and patient care goals. [16]

Issues and Challenges

The quality of data, on which an artificial intelligence model is trained, is inevitably associated with its
efficacy. Around half of the professionals mention data quality and availability as the most significant
barriers to the use of Al. [11], [13] Poor quality, inconsistent, or soiled data may result in poor and
inaccurate decision-making and prediction.

Major Al Adoption Barriers

g Ethical/Privacy Concerns | 6
=
,_-'E’ Integration Complexity | 7
S Organizational Resistance | 8
2
) skill Gaps | 9
I
= Data Quality Issues | 11
0 2 4 6 8 10 12
Frequency

Figure 6: Major Al Adoption Barriers
The huge disparity in artificial intelligence between the leadership and senior individual contributors is a
major challenge as highlighted by 49% of the respondents. Any organization that lacks internal skills faces
the risk of being dependent on its vendors and the inability to adopt faster during up-skilling processes.
Also, the intricacy of the implementation of artificial intelligence to hard legacy systems usually leads to lag
and ineffectiveness. This will only be overcome through platform modernization, API-based integration as
well as process re-engineering. [15], [16], [9]
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Conclusion

With this the integration of Artificial Intelligence (AI) within agile project management methodologies
signifies a major change from a traditional, reactive oversight to a more proactive, data-driven intelligence
approach. Through the use of machine learning for risk assessment and collaborative decision-making
through the use of hybrid intelligence, organizations in the U.S. are seeing real increases of up to 23% in
efficiency. However, obstacles exist with unreliable data and the need for transparency in algorithms;
Nevertheless, frameworks such as the NIST Al and Risk Management Frameworks offer a means to provide
for scaling ethical use through best practices of robust governing models like these that allow organizations
the ability to effectively transition to the use of digital transformation by 2030; Where over 80% of
traditional tasks are expected to be automated, leading Project Managers to transition from tactical
operators to strategic orchestrators. To truly realize the benefits of this transformation your greatest
opportunity lies in developing a “Human-Al Teaming” Culture that combines the power of computational
systems with human ethical judgment and creative leadership.

Future Scope of Study

The future scope of integrating Al into Agile Project Management is promising and has various dimensions
to it. New Technologies based on Al will Help Automate more routine Project Management Work and
Enable Teams to Place More Emphasis on Strategic and Creative Thinking. Better Predictive Analytics using
Al Will also Allow for Better Risk Management by Anticipating Problems Ahead of Time, Therefore
Improving the Potential Success Rates of Projects. Al-Driven Tools Will Continue to Evolve to Facilitate
Better Real-Time Collaboration & Decision Making, Especially in Distributed & Hybrid Work Environments.
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